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Abstract: This study investigated the characteristics of cognitive impairment in patients with white
matter lesions (WMLs) caused by cerebral small vessel disease and the corresponding changes in
WM microstructures. Diffusion tensor imaging (DTI) data of 50 patients with WMLs and 37 healthy
controls were collected. Patients were divided into vascular cognitive impairment non-dementia
and vascular dementia groups. Tract-based spatial statistics showed that patients with WMLs had
significantly lower fractional anisotropy (FA) and higher mean diffusivity (MD), axial diffusivity
(AD), and radial diffusivity (RD) values throughout the WM areas but predominately in the forceps
minor, forceps major (FMA), bilateral corticospinal tract, inferior fronto-occipital fasciculus, supe-
rior longitudinal fasciculus, inferior longitudinal fasciculus (ILF), and anterior thalamic radiation,
compared to the control group. These fiber bundles were selected as regions of interest. There were
significant differences in the FA, MD, AD, and RD values (p < 0.05) between groups. The DTI metrics
of all fiber bundles significantly correlated with the Montreal Cognitive Assessment (p < 0.05), with
the exception of the AD values of the FMA and ILF. Patients with WMLs showed changes in diffusion
parameters in the main WM fiber bundles. Quantifiable changes in WM microstructure are the main
pathological basis of cognitive impairment, and may serve as a biomarker of WMLs.

Keywords: white matter lesions; cognitive impairment; tract-based spatial statistics; white matter
microstructure

1. Introduction

White matter lesions (WMLs), also known as leukoaraiosis, are characterized by low-
density periventricular shadows on computed tomography, and high signals on magnetic
resonance imaging (MRI) T2-weighted images and fluid-attenuated inversion recovery
(FLAIR) sequences [1]. WMLs are a common cause of vascular cognitive impairment,
which often manifest as an impairment in executive function, delayed recall, attention
deficits, and a decrease in information processing speed. In the early stage, patients exhibit
cognitive impairment (i.e., vascular cognitive impairment non-dementia) with gradual
progression of the disease. In severe cases, dementia is evident [2,3]. WM changes are
crucial pathological features in patients with WMLs; thus, recognizing the relationship
between changes in WM and cognitive impairment will provide important opportunities
to prevent brain damage [4].

Many studies have used diffusion tensor imaging (DTI) to investigate the microstruc-
ture and integrity of WM and the relationship between changes in WM and cognitive
impairment in WMLs. Previous studies have shown that the characteristic pattern of
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DTI in WMLs is consistent with axonal loss and gliosis leading to impairment and loss
of directional diffusion [5]. DTI can reflect the microstructure integrity, damage to WM,
and contribution to accumulating brain damage in the form of diffusion parameters, by
measuring the diffusion of water molecules in the tissues [6]. The parameters mainly
include fractional anisotropy (FA), mean diffusivity (MD), axial diffusivity (AD), and radial
diffusivity (RD) [7,8]. FA is generally used to reflect the integrity of fiber structure, which is
related to the integrity of the fiber axon and myelin sheath and the density and running
of the fiber bundle. MD measures the bulk mobility of water molecules, which reflects
the diffusion level and diffusion resistance of the whole molecule [9]. AD reflects the
diffusivity of water molecules along the long axis of the fiber bundle, whereas RD reflects
the diffusivity of water molecules in the direction perpendicular to the long axis of the fiber
bundle [10,11].

Some studies have also confirmed that cognitive function is closely related to the in-
tegrity of WM detected by DTI [12–14]. The disruption of normal-appearing WM (NAWM)
integrity reflected by DTI parameters correlates more strongly with psychomotor dys-
function than WM hyperintensity load because NAWM occupies the main body of global
WM [15]. The integrity of the structure and function of WM fibers is critical for information
exchange and cooperation among brain regions.

Quantifiable DTI parameters are sensitive indicators for evaluations of disease pro-
gression and cognitive impairment [16–18]. Quantitative analysis methods using DTI data
include a region of interest (ROI) analysis, voxel-based analysis (VBA), and tract-based
spatial statistics (TBSS) [19]. Based on voxels, the dispersion parameters of each subject
are projected onto the WM skeleton for comparison with TBSS analysis. This method
overcomes the subjectivity and non-repeatability of ROI and the lack of a unified standard
for the Gaussian kernel smoothing size of VBA.

To the best of our knowledge, few TBSS studies have been performed to investigate
diffusion measurement differences between WMLs patients with vascular cognitive impair-
ment non-dementia (VCIND) and vascular dementia (VaD). In this study, we investigated
the characteristics of cognitive impairment in patients with WMLs caused by cerebral small
vessel disease (CSVD) and the corresponding changes in WM microstructures. A combi-
nation method of TBSS and ROI was used to determine changes in WM microstructure
related to different degrees of cognitive impairment. The clinical significance of the DTI
findings through correlations with cognitive evaluations was also explored.

2. Materials and Methods
2.1. Ethical Approval

This study was in accordance with the policies set by the Declaration of Helsinki, and
the research procedure was approved by the Ethic Committees of Beijing Tiantan Hospital,
Capital Medical University, Beijing China (Approval No. KYSB2016.023). Formal written
informed consent was obtained from all participants.

2.2. Participants

Outpatients who underwent MRI at Beijing Tiantan Hospital between 2014 and 2018
were retrospectively recruited. Some patients went to the hospital with symptoms of cogni-
tive decline or dizziness, whereas others went for physical examination. Two radiologists
independently and unanimously diagnosed recruited patients with WMLs caused by CSVD
according to the Standards for Reporting Vascular Changes on Euroimaging (STRIVE)
criteria [20]. They were blinded to the clinical profiles of patients, and visually evaluated
the FLAIR magnetic resonance images without any information about the participants.

According to a revised version of the Fazekas scale, the inclusion criteria for patients
with WMLs were the presence of WMLs on MRI scans and age between 40 and 85 years.
The healthy controls (HCs) aged between 40 and 85 were recruited from neighboring
communities. The exclusion criteria for both WMLs patients and HCs were: patients with
cardiac or renal failure, cancer, or other severe systemic diseases; patients with unrelated
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neurological diseases such as epilepsy, traumatic brain injury, and multiple sclerosis; pa-
tients with chronic cerebral infarction or other lesions; patients with leukoencephalopathy
or dementia of non-vascular origin; patients with psychiatric diseases or drug addiction;
patients with consciousness disruption or aphasia; and the inability or refusal to undergo
brain MRI.

2.3. Clinical Data Collection

Basic information on all participants was collected, including age, sex, education
years, hypertension, diabetes mellitus, lipoprotein metabolism disorders, and other basic
clinical information.

2.4. Cognitive Measures

Cognitive functions were evaluated by a trained neurologist in a quiet room without
external interference. The Montreal Cognitive Assessment (MoCA) was used to screen
overall cognitive function [21]. The MoCA evaluates seven cognitive domains: (1) visu-
ospatial, which is assessed by a clock-drawing task, a three-dimensional cube copy, and an
alternation task adapted from the Trail Making B task; (2) naming, which is assessed by a
three-item confrontation naming task; (3) attention, which is assessed using target detection
using tapping and forward and backward digit span; (4) language, which is assessed by
a phonemic fluency task and using the repetition of two syntactically complex sentences;
(5) abstraction, which is assessed using a verbal abstraction task; (6) memory, which in-
volves two learning trials of five nouns and delayed recall; and (7) orientation, in which
place and time are evaluated [22]. For patients with cognitive impairment, the Clinical
Dementia Rating (CDR) score was used to assess impairment severity [23]. According to
the diagnostic criteria of the National Institute of Neurological Disorders and Stroke/Swiss
Society for Neuroscience, for vascular dementia, patients were divided into the VCIND
and VaD groups [23].

WML-VCIND group: WMLs were consistently observed on MRI (CDR = 0.5 and
MoCA < 26).

WML-VaD group: WMLs were consistently observed on MRI, (CDR ≥ 1 and MoCA < 26).

2.5. Image Acquisition

The MRI data were acquired on a 3.0-T Siemens scanner. Participants lay in a supine po-
sition with their heads snugly fixed by a belt and foam pads to minimize head motion. DTI
images were acquired using a single-shot, twice-refocused, diffusion-weighted echo planar
imaging sequence with the following scan parameters: repetition time (TR) = 8000 ms; echo
time (TE) = 96 ms; 64 diffusion-weighted directions with a b value of 1000 s/mm2 and
11 images with a b value of 0 s/mm2; flip angle = 90◦; field of view = 224 mm2; in-plane
resolution = 1.75 mm × 1.75 mm voxels; and 54 contiguous 2 mm thick axial slices.

2.6. DTI Data Pre-Processing

DTI image pre-processing was performed using PANDA software (a pipeline tool for
analyzing brain diffusion images; http://www.nitrc.org/projects/panda/, accessed on
3 March 2021). After briefly converting DICOM files to NIFTI images, estimating the brain
mask, cropping the raw images to reduce image size and memory cost, and correcting for
the eddy-current effect and head motion artifacts, main diffusion metrics (i.e., FA, MD, AD
and RD) were successfully calculated [24].

2.7. TBSS Analysis

Subsequently, TBSS analysis was conducted. This method was used to detect WM
microstructure, which significantly differed between patients and healthy controls (HCs).
The regions with significant differences were considered ROIs.

The following five steps were initially performed on the FA images. Detailed processes
were presented in the paper by Smith et al. [19]. (1) The FA image of each subject was aligned

http://www.nitrc.org/projects/panda/
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to a preidentified target FA image (FMRIB58_FA) using non-linear image registration
algorithm. (2) All aligned FA images were transformed onto the MNI152 template using
affine registration. (3) Mean FA skeleton was produced from the images of all the subjects.
(4) Individual subject FA images were presented to the skeleton. (5) Voxel-wise statistics,
across subjects, were calculated for each point on the common skeleton. Subsequently, data
on MD, AD, and RD were created similarly by applying the same steps outlined above.
The statistical analyses of these diffusion tensor metrics were performed, similar to the
FA analyses.

2.8. Statistical Analyses

Statistical Package for the Social Sciences (version 19.0; IBM Corp., Armonk, NY, USA)
was used for data processing. The measurement variables in the general data follow a
normal distribution and are reported as (x ± s). A one-way analysis of variance (ANOVA)
was used for intergroup comparisons. Subsequently, post hoc Least Significant Difference
tests were performed to compare the differences among the three groups. The count data
are expressed as frequencies and were compared between groups using the χ2 test. p < 0.05
was considered statistically significant.

2.9. TBSS Voxel-Wise Statistical Analyses

The F-test (intergroup differences, no repeated measures) design based on the general
linear model in the FMRIB software library (https://fsl.fmrib.ox.ac.uk/fsl/fslwiki, accessed
on 5 March 2021) combined with a permutation-based inference tool for non-parametric
statistical thresholding (the “randomise” tool) was used to compare differences among the
WML-VCIND, WML-VaD, and HC groups. p < 0.05 was considered statistically significant
(family-wise error corrected for multiple comparisons) using the threshold-free cluster
enhancement (TFCE) option in the “randomise” permutation-testing tool.

2.10. ROI-Wise Statistical Analysis

The “JHU White-Matter Tractography Atlas” in the standard space allows for the
parcellation of the entire FA skeleton into multiple ROIs, from which our focus white matter
tracts were selected. The ROIs were selected based on the TBSS results and analysis of
covariance (ANCOVA) was performed to compare the resultant ROI-based DTI metrics
among the WML-VCIND, WML-VaD, and HC groups, controlling the impact of age, sex,
and education years. Bonferroni correction was applied to correct for multiple comparisons.
Subsequently, the post hoc test was performed to compare group differences among groups.
Lastly, a partial correlation analysis was used to calculate the correlation between the
resultant between-group different ROI-based data and MoCA performance, with age, sex,
and education years as covariates. p < 0.05 was considered statistically significant.

3. Results
3.1. Participant Characteristics

There were significant differences in the MoCA scores between patients with WMLS
and healthy controls (HC) (p < 0.001). Post hoc results showed that the MoCA score
was higher in patients with patients with WML-VCIND than in patients with WML-VaD
(p < 0.05). There was no significant difference in sex and education years between the
WMLS and control groups. There was no significant difference in age between the WML-
VCIND and WML-VaD groups (p > 0.05; Table 1). It is worth noting that the effects of
age, sex, and education were eliminated in subsequent cognitive and WM microstructure
integrity analyses.

https://fsl.fmrib.ox.ac.uk/fsl/fslwiki
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Table 1. Patient demographic characteristics.

HC (n = 37) WML-VCIND (n = 33) WML-VaD (n = 17) p-Value

Age (years) 58.84 ± 7.80 64.00 ± 9.40 # 65.12 ± 9.10 * 0.015 b

Sex (male/female, n) 20/17 16/17 14/3 0.062 a

Education level (years) 12.68 ± 2.84 11.55 ± 2.54 11.76 ± 2.97 0.209 b

Hypertension (n) 24 24 7 0.087 a

Diabetes (n) 31 27 14 0.975 a

Hyperlipemia (n) 30 26 14 0.948 a

MoCA score 27.41 ± 1.41 21.84 ± 2.49 # 17.71 ± 4.05 *,† <0.001 b

Visuospatial/Executive 4.59 ± 1.04 3.41 ± 1.17 # 2.18 ± 0.59 *,† <0.001 b

Naming 2.97 ± 0.16 2.74 ± 0.63 2.50 ± 0.73 * 0.006 b

Attention 5.89 ± 0.39 5.06 ± 1.15 # 4.12 ± 1.45 *,† <0.001 b

languge 2.45 ± 0.60 2.03 ± 0.54 # 1.43 ± 0.89 *,† <0.001 b

abstraction 1.81 ± 0.56 1.38 ± 0.80 # 1.12 ± 0.80 * 0.002 b

Delayed recall 3.70 ± 0.99 1.61 ± 1.28 # 1.43 ± 1.03 * <0.001 b

Orientation 6.00 ± 0.00 5.61 ± 0.71 4.93 ± 1.23 *,† <0.001 b

a The p value was obtained by χ2 test. b The p value was obtained by one-way ANOVA. # p < 0.05 post hoc
result for WML-VCIND vs. HC. * p < 0.05 post hoc result for WML-VaD vs. HC. † p < 0.05 post hoc result
for WML-VaD vs. WML-VCIND. HC, healthy controls; WML, white matter lesions; WML-VCIND, WML and
non-dementia vascular cognitive impairment; WML-VaD, WML and vascular dementia; MoCA, the Montreal
Cognitive Assessment.

3.2. TBSS Analysis of DTI Data

The average FA WM skeleton of all subjects was constructed in TBSS analyses, as
shown by the green line in Figures 1–4. An analysis of variance of voxel level was carried
out on the WM skeleton, and the differences among the three groups were compared.
p < 0.05 after FWE correction based on TFCE was statistically significant. Statistically
significant areas were expanded to better show the position of WM fiber bundles, as shown
in the red part in Figures 1–4. The statistical results showed that the DTI indexes of most
fiber bundles were statistically significant. There was a significant statistical difference in
the FA, MD, AD, and RD values of the FMI, FMA, IFOF, SLF, ILF, ATR and corticospinal
tract (CCT) among the three groups (p < 0.05; Figures 1–4).
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Figure 1. Voxel-wise TBSS analysis results of FA images among the WML-VCIND, WML-VaD, and
HC groups. Green represents the mean WM skeleton of all subjects. Red-yellow (thickened for better
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visibility) represents regions with a significant F-test statistical difference (p < 0.05, TFCE-based
FWE-corrected). TBSS, tract-based spatial statistics; FA, fractional anisotropy; HC, healthy controls;
WML, white matter lesions; WML-VCIND, WML and non-dementia vascular cognitive impairment;
WML-VaD, WML and vascular dementia.
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HC groups. Green represents the mean WM skeleton of all subjects. Red-yellow (thickened for
better visibility) represents regions with a significant F-test statistical difference (p < 0.05, TFCE-based
FWE-corrected). TBSS, tract-based spatial statistics; MD, mean diffusivity.
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Figure 3. Voxel-wise TBSS analysis results of AD images among the WML-VCIND, WML-VaD, and
HC groups. Green represents the mean WM skeleton of all subjects. Red-yellow (thickened for
better visibility) represents regions with a significant F-test statistical difference (p < 0.05, TFCE-based
FWE-corrected). TBSS, tract-based spatial statistics; AD, axial diffusivity.
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Figure 4. Voxel-wise TBSS analysis results of RD images among the WML-VCIND, WML-VaD, and
HC groups. Green represents the mean WM skeleton of all subjects. Red-yellow (thickened for
better visibility) represents regions with a significant F-test statistical difference (p < 0.05, TFCE-based
FWE-corrected). TBSS, tract-based spatial statistics; RD, radial diffusivity.

3.3. ROI Analyses

Combined with the WM partition map “JHU White-Matter Tractography Atlas”,
the whole brain FA WM skeleton was partitioned, and 10 fiber bundles with significant
differences as observed in the TBSS voxel level analyses were selected as ROIs: the forceps
minor (FMI); forceps major (FMA); IFOF.L, IFOF.R; SLF.L, SLF.R; ILF.L, ILF.R; and ATR.L,
ATR.R. Although differences in CCT were found in the TBSS analysis, we did not select it
as an ROI considering that CCT and motor function were clearly correlated.

ANCOVA analyses showed that there were significant differences in FA, MD, AD,
and RD values (p < 0.05), which were mutually confirmed with the results of TBSS voxel
level analyses. Post hoc results showed that compared to the HC group, the WML-VAD
group had significantly lower FA and higher MD, AD, and RD; the WML-VCIND group
also had significantly lower FA and higher MD, AD, and RD. A few other fiber bundles
were not significantly different between groups. Compared to the WML-VCIND group,
most fiber bundles in the WML-VAD group also showed significant differences between
groups. The FA in the WML-VAD group was significantly lower, whereas the MD, AD, and
RD were higher. A small number of fibers with no significant differences between groups
also showed similar trends (Tables 2–5, Figure 5).
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Table 2. ROI level analysis FA results of WM skeleton partition.

WM Tracts
FA (Mean ± Std) ANCOVA

Post Hoc Test (Bonferroni)

WML-VCIND/HC WML-VAD/HC WML-VAD/WML-VCIND

HC (n = 37) WML-VCIND (n = 33) WML-VAD (n = 17) F p p p p

1 ATR.L 0.424 ± 0.023 0.406 ± 0.029 0.369 ± 0.059 12.636 <0.001 * 0.09 <0.001 * 0.002 *

2 ATR.R 0.422 ± 0.022 0.402 ± 0.024 0.367 ± 0.054 15.464 <0.001 * 0.032 * <0.001 * 0.001 *

3 FMA 0.625 ± 0.024 0.596 ± 0.031 0.544 ± 0.084 16.292 <0.001 * 0.025 * <0.001 * 0.001 *

4 FMI 0.487 ± 0.021 0.466 ± 0.033 0.408 ± 0.079 16.403 <0.001 * 0.117 <0.001 * <0.001 *

5 IFOF.L 0.459 ± 0.026 0.435 ± 0.033 0.392 ± 0.056 14.784 <0.001 * 0.021 * <0.001 * 0.001 *

6 IFOF.R 0.454 ± 0.022 0.43 ± 0.031 0.392 ± 0.061 12.607 <0.001 * 0.019 * <0.001 * 0.002 *

7 ILF.L 0.442 ± 0.019 0.42 ± 0.025 0.395 ± 0.047 13.024 <0.001 * 0.004 * <0.001 * 0.014 *

8 ILF.R 0.445 ± 0.021 0.426 ± 0.03 0.398 ± 0.049 9.717 <0.001 * 0.033 * <0.001 * 0.011 *

9 SLF.L 0.433 ± 0.021 0.413 ± 0.032 0.378 ± 0.058 12.677 <0.001 * 0.061 <0.001 * 0.004 *

10 SLF.R 0.442 ± 0.026 0.422 ± 0.032 0.383 ± 0.067 11.98 <0.001 * 0.096 <0.001 * 0.003 *

* indicates statistical significance (p < 0.05, Bonferroni-corrected). FA, fractional anisotropy; HC, healthy controls;
WML, white matter lesions; WML-VCIND, WML and non-dementia vascular cognitive impairment; WML-VaD,
WML and vascular dementia.

Table 3. ROI level analysis MD results of WM skeleton partition.

WM Tracts
MD (Mean ± Std, ×10−4 mm2/s) ANCOVA

Post Hoc Test (Bonferroni)

WML-VCIND/HC WML-VAD/HC WML-VAD/WML-VCIND

HC (n = 37) WML-VCIND (n = 33) WML-VAD (n = 17) F p p p p

1 ATR.L 7.446 ± 0.376 8.029 ± 0.501 9.329 ± 2.153 18.479 <0.001 * 0.057 <0.001 * <0.001 *

2 ATR.R 7.706 ± 0.388 8.279 ± 0.563 9.593 ± 2.137 17.417 <0.001 * 0.067 <0.001 * <0.001 *

3 FMA 7.953 ± 0.315 8.225 ± 0.355 8.906 ± 0.804 18.206 <0.001 * 0.049 * <0.001 * <0.001 *

4 FMI 7.645 ± 0.262 8.013 ± 0.444 8.840 ± 1.267 18.063 <0.001 * 0.055 <0.001 * <0.001 *

5 IFOF.L 7.891 ± 0.33 8.440 ± 0.429 9.041 ± 1.054 19.713 <0.001 * <0.001 * <0.001 * 0.002 *

6 IFOF.R 7.995 ± 0.335 8.428 ± 0.374 9.112 ± 1.070 18.381 <0.001 * 0.006 * <0.001 * <0.001 *

7 ILF.L 7.867 ± 0.311 8.232 ± 0.427 8.568 ± 0.693 11.37 <0.001 * 0.003 * <0.001 * 0.043 *

8 ILF.R 7.933 ± 0.332 8.268 ± 0.434 8.658 ± 0.738 9.533 <0.001 * 0.012 * <0.001 * 0.021 *

9 SLF.L 7.324 ± 0.349 7.920 ± 0.448 8.337 ± 1.093 17.883 <0.001 * <0.001 * <0.001 * 0.065

10 SLF.R 7.395 ± 0.421 7.973 ± 0.440 8.565 ± 1.299 16.276 <0.001 * 0.002 * <0.001 * 0.015 *

* indicates statistical significance (p < 0.05, Bonferroni-corrected). MD, mean diffusivity; HC, healthy controls;
WML, white matter lesions; WML-VCIND, WML and non-dementia vascular cognitive impairment; WML-VaD,
WML and vascular dementia.

Table 4. ROI level analysis AD results of WM skeleton partition.

WM Tracts
AD (Mean ± Std, ×10−3 mm2/s) ANCOVA

Post Hoc Test (Bonferroni)

WML-VCIND/HC WML-VAD/HC WML-VAD/WML-VCIND

HC (n = 37) WML-VCIND (n = 33) WML-VAD (n = 17) F p p p p

1 ATR.L 1.112 ± 0.039 1.175 ± 0.052 1.301 ± 0.214 18.364 <0.001 * 0.036 * <0.001 * <0.001 *

2 ATR.R 1.144 ± 0.041 1.205 ± 0.063 1.332 ± 0.218 15.652 <0.001 * 0.059 <0.001 * <0.001 *

3 FMA 1.477 ± 0.044 1.481 ± 0.045 1.519 ± 0.057 1.708 0.188

4 FMI 1.226 ± 0.036 1.254 ± 0.044 1.299 ± 0.081 12.632 <0.001 * 0.071 <0.001 * 0.010 *

5 IFOF.L 1.219 ± 0.037 1.275 ± 0.043 1.300 ± 0.085 14.695 <0.001 * <0.001 * <0.001 * 0.284

6 IFOF.R 1.234 ± 0.041 1.268 ± 0.039 1.313 ± 0.074 13.16 <0.001 * 0.013 * <0.001 * 0.009 *

7 ILF.L 1.200 ± 0.043 1.230 ± 0.049 1.245 ± 0.057 4.291 0.017

8 ILF.R 1.208 ± 0.040 1.237 ± 0.051 1.258 ± 0.061 4.165 0.019

9 SLF.L 1.084 ± 0.044 1.145 ± 0.052 1.168 ± 0.098 12.393 <0.001 * <0.001 * <0.001 * 0.603

10 SLF.R 1.108 ± 0.051 1.166 ± 0.049 1.206 ± 0.108 12.505 <0.001 * 0.001 * <0.001 * 0.119

* indicates statistical significance (p < 0.05, Bonferroni-corrected). AD, axial diffusivity; HC, healthy controls;
WML, white matter lesions; WML-VCIND, WML and non-dementia vascular cognitive impairment; WML-VaD,
WML and vascular dementia.
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Table 5. ROI level analysis RD results of WM skeleton partition.

WM Tracts
RD (Mean ± Std, ×10−4 mm2/s) ANCOVA

Post Hoc Test (Bonferroni)

WML-VCIND/HC WML-VAD/HC WML-VAD/WML-VCIND

HC (n = 37) WML-VCIND (n = 33) WML-VAD (n = 17) F p p p p

1 ATR.L 5.607 ± 0.396 6.171 ± 0.527 7.490 ± 2.169 18.064 <0.001 * 0.076 <0.001 * <0.001 *

2 ATR.R 5.839 ± 0.403 6.396 ± 0.553 7.729 ± 2.125 17.883 <0.001 * 0.077 <0.001 * <0.001 *

3 FMA 4.545 ± 0.335 4.931 ± 0.431 5.762 ± 1.145 18.384 <0.001 * 0.029 * <0.001 * <0.001 *

4 FMI 5.335 ± 0.270 5.748 ± 0.500 6.762 ± 1.504 18.392 <0.001 * 0.069 <0.001 * <0.001 *

5 IFOF.L 5.744 ± 0.383 6.288 ± 0.498 7.056 ± 1.188 19.17 <0.001 * 0.002 * <0.001 * 0.001 *

6 IFOF.R 5.822 ± 0.350 6.300 ± 0.454 7.103 ± 1.255 17.586 <0.001 * 0.009 * <0.001 * <0.001 *

7 ILF.L 5.802 ± 0.301 6.198 ± 0.439 6.626 ± 0.797 13.693 <0.001 * 0.003 * <0.001 * 0.012 *

8 ILF.R 5.861 ± 0.343 6.215 ± 0.468 6.700 ± 0.836 10.817 <0.001 * 0.016 * <0.001 * 0.007 *

9 SLF.L 5.565 ± 0.360 6.156 ± 0.478 6.668 ± 1.192 18.159 <0.001 * 0.001 * <0.001 * 0.028 *

10 SLF.R 5.552 ± 0.431 6.131 ± 0.486 6.816 ± 1.438 16.102 <0.001 * 0.005 * <0.001 * 0.009 *

* indicates statistical significance (p < 0.05, Bonferroni-corrected). RD, radial diffusivity; HC, healthy controls;
WML, white matter lesions; WML-VCIND, WML and non-dementia vascular cognitive impairment; WML-VaD,
WML and vascular dementia.
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3.4. Correlation Analysis Results between the DTI Index in ROI and MoCA

The correlation between the mean value of the DTI index and MoCA in the 10 WM
fiber bundles was analyzed. The partial correlation analysis method was used to control
the effects of sex, age, and education on the statistical results. The results showed that, with
the exception of the AD values of FMA and ILF.R, the DTI indexes of all fiber bundles were
significantly correlated with MoCA (p < 0.05; Table 6, Figure 6).

Table 6. Correlation analysis results between the DTI index in ROI and MoCA (r value).

WM Tracts
Correlation between FA of

WM Tracts and MoCA
(r Value)

Correlation between MD
of WM Tracts and MoCA

(r Value)

Correlation between AD
of WM Tracts and MoCA

(r Value)

Correlation between RD
of WM Tracts and MoCA

(r Value)

1 ATR.L 0.536 * −0.571 * −0.562 * −0.570 *

2 ATR.R 0.529 * −0.544 * −0.527 * −0.546 *

3 FMA 0.618 * −0.584 * −0.117 −0.620 *

4 FMI 0.570 * −0.584 * −0.489 * −0.589 *

5 IFOF.L 0.567 * −0.645 * −0.546 * −0.635 *

6 IFOF.R 0.547 * −0.569 * −0.444 * −0.580 *

7 ILF.L 0.617 * −0.595 * −0.360 * −0.644 *

8 ILF.R 0.527 * −0.501 * −0.294 −0.540 *

9 SLF.L 0.509 * −0.651 * −0.583 * −0.642 *

10 SLF.R 0.505 * −0.600 * −0.542 * −0.594 *

* indicates that the DTI index of the corresponding ROI is significantly correlated with MoCA. MoCA, the Montreal
Cognitive Assessment.
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4. Discussion

CSVD is a common cause of cognitive impairment and VaD. Correlations between
CSVD imaging characteristics and cognitive functions have been detected in various
settings [20,25]. In this study, we showed extensive damage to the main WM fiber bundle
microstructure in patients with WMLs caused by CSVD. The present study differs from
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previous research in a few ways. First, few TBSS studies have been performed to investi-
gate diffusion measurement differences in WML patients. Furthermore, previous studies
have mainly focused on patients with VCIND WMLs or with mixed degrees of cognitive
impairment [26,27]. We recruited homogeneous groups of patients with VCIND or VaD.
Finally, the results of the VCIND group confirmed previous findings [28]. Significant
differences in new diffusion parameters were also found between the WML VCIND and
VaD groups.

DTI is a useful and unique tool with which to discover changes in brain WM mi-
crostructure. The TBSS method was applied to DTI data to identify WM abnormalities
in the center of major WM tracts. Recent studies have used the TBSS method to evaluate
microstructural changes in major WM tracts in patients with VCIND [28]. They showed
that the VCIND group had decreased FA and increased MD values throughout widespread
WM areas, predominately in the ATR, FMI, IFOF, ILF, and SLF. Our study also confirmed
extensive changes in WM microstructure of patients with VCIND. There were slight incon-
sistencies in that we found significant changes in the FMA but no significant changes in
the FMI between patients with VCIND and HCs. Moreover, our study found that the VaD
group had decreased FA and increased MD/AD/RD values in the FMI.

The abnormalities of major WM tract can be more accurately identified with TBSS
analysis. Compared to the HC group, major WM tract abnormalities in the VCIND group
were predominately in the ATR, ILF, IFOF, SLF, and FMA. ATR is emitted from the anterior
limb of the internal capsule, from which many fibers travel to the prefrontal lobe and
cingulate gyrus, which are important components of the subcortical circuit of the frontal
lobe [24]. An ATR lesion can lead to impairment of the prefrontal striatal circuit, resulting
in the impairment of cognitive function [29]. ILF connects directly to the anterior temporal
lobe and occipital lobe, and indirectly to the frontal lobe by connecting to the uncinate
fasciculus. ILF is mainly involved in visual perception, object recognition, and other vision-
related functions. It connects the ventral attention network composed of the frontal-parietal
lobe and participates in goal-oriented behavior and interference elimination [30]. IFOF
partially overlaps ILF and directly connects the frontal and occipital lobes from the outside
through the middle of the temporal lobe. The SLF connects the frontal, parietal, occipital,
and temporal lobes. The complex structure of SLF determines the complexity of its function
and involvement in spatial attention, eye movement function, somatosensory information
transmission between the parietal lobe and motor cortex, language pronunciation, auditory
information integration, and other functions [31–33].

The corpus callosum (CC) is responsible for connecting the left and right cerebral
hemispheres. Changes in different regions of the CC have been detected and progression
of CC loss is also more rapid in individuals with WMLs who develop dementia [30]. FMA
originates from the splenium of the corpus callosum, which plays an essential role in
the process of transmitting and integrating the visual information of words, objects, and
faces in the left/right visual field. FMI is a connecting pathway of the bilateral frontal
lobes through the genu of CC. It is considered to control executive function as well as
hemispheric specialization and interactions [34]. Although CC is particularly prone to
damage in VCIND and VaD with WMLs, the relationship between the fiber damage of CC
and the severity of cognitive impairment remains controversial [35]. Our study using a
combination method of TBSS and ROI suggests that FMA may change in the early stage of
cognitive impairment while FMI changes obviously when cognitive impairment develops
into dementia.

This study also found corticospinal tract-related changes, which originate from the
primary cortical motor neurons of the corticospinal tract and mainly involve autonomic
movement. Patients with WMLs always have movement disorders, mainly involving gait
and balance, along with cognitive impairment such as executive function and attention [36].

Many studies have shown that DTI changes are correlated with cognitive scale scores,
and that changes in WM microstructure can affect cognitive function [37–39]. Our results
also confirmed that both cognitive impairment and dementia were associated with abnor-
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mal WM microstructure, which may explain the poor social and behavioral performance of
patients with WMLs.

This study had several limitations. First, it was cross-sectional, and longitudinal
studies are needed to assess the dynamic changes in WM microstructure and cognitive
impairment. Second, the sample size in each group was relatively small; thus, a larger
sample size is needed to study microstructure changes in WMLs. Third, this study explored
the correlation between the cognitive function of MoCA assessment and WM microstructure
changes. More comprehensive cognitive assessments are needed to clarify the mechanism
underlying specific neuropsychological dysfunction, such as impaired attentional function.

5. Conclusions

Patients with WMLs showed changes in diffusion parameters in the main WM fiber
bundles; with the aggravation of cognitive impairment, the relevant parameters changed
accordingly, suggesting that quantifiable changes in WM microstructure are the main
pathological basis of cognitive impairment, which may serve as a biomarker of WMLs.

Author Contributions: Conceptualization, Y.-M.Z. and N.Y.; methodology, A.-M.H.; software, A.-
M.H.; validation, A.-M.H., Y.-L.M. and Y.-X.L.; formal analysis, A.-M.H. and Y.-X.L.; investigation,
Y.-X.L.; resources, Z.-Z.H.; data curation, A.-M.H.; writing—original draft preparation, A.-M.H.;
writing—review and editing, A.-M.H., Y.-M.Z. and N.Y.; visualization, Z.-Z.H.; supervision, Z.-Z.H.;
project administration, Y.-M.Z.; funding acquisition, Y.-M.Z. and N.Y. All authors have read and
agreed to the published version of the manuscript.

Funding: Supported by National Key Technology Research and Development Program of China
(2020YFC2004100, 2018YFC2002300, 2018YFC2002302, 2020YFC2004102), the National Natural Science
Foundation of China (NSFC: 81972144, 81972148, 31872785, 61771461) and Shenzhen Science and
Technology Program, Grant Award (No. JCYJ 20210324115810030).

Institutional Review Board Statement: This study was in accordance with the policies set by the
Declaration of Helsinki, and the research procedure was approved by the Ethic Committees of the
Beijing Tiantan Hospital, Capital Medical University, China (ethical approval number: KYSB2016.023).

Informed Consent Statement: Formal written informed consent was acquired from all participants.

Data Availability Statement: The datasets generated and analyzed during the present study are
available from the corresponding author on reasonable request.

Conflicts of Interest: The authors declare that they have no conflict of interest.

References
1. Alber, J.; Alladi, S.; Bae, H.J.; Barton, D.A.; Beckett, L.A.; Bell, J.M.; Berman, S.E.; Biessels, G.J.; Black, S.E.; Bos, I.; et al.

White matter hyperintensities in vascular contributions to cognitive impairment and dementia (VCID): Knowledge gaps and
opportunities. Alzheimer’s Dement. 2019, 5, 107–117. [CrossRef] [PubMed]

2. Rastogi, A.; Weissert, R.; Bhaskar, S.M.M. Emerging role of white matter lesions in cerebrovascular disease. Eur. J. Neurosci. 2021,
54, 5531–5559. [CrossRef] [PubMed]

3. Schulz, M.; Malherbe, C.; Cheng, B.; Thomalla, G.; Schlemm, E. Functional connectivity changes in cerebral small vessel
disease—A systematic review of the resting-state MRI literature. BMC Med. 2021, 19, 103. [CrossRef]

4. Raja, R.; Rosenberg, G.; Caprihan, A. Review of diffusion MRI studies in chronic white matter diseases. Neurosci. Lett. 2019, 694,
198–207. [CrossRef]

5. Croall, I.D.; Lohner, V.; Moynihan, B.; Khan, U.; Hassan, A.; O’Brien, J.; Morris, R.G.; Tozer, D.J.; Cambridge, V.C.;
Harkness, K.; et al. Using DTI to assess white matter microstructure in cerebral small vessel disease (SVD) in multicentre studies.
Clin. Sci. 2017, 131, 1361–1373. [CrossRef] [PubMed]

6. Zhou, Y.; Qun, X.; Qin, L.D.; Qian, L.J.; Cao, W.W.; Xu, J.R. A primary study of diffusion tensor imaging-based histogram analysis
in vascular cognitive impairment with no dementia. Clin. Neurol. Neurosurg. 2011, 113, 92–97. [CrossRef]

7. Cai, M.; Jacob, M.A.; Norris, D.G.; de Leeuw, F.E.; Tuladhar, A.M. Longitudinal relation between structural network efficiency,
cognition, and gait in cerebral small vessel disease. J. Gerontol. A Biol. Sci. Med. Sci. 2021, 77, 554–560. [CrossRef]

8. Kalaria, R.N. Neuropathological diagnosis of vascular cognitive impairment and vascular dementia with implications for
Alzheimer’s disease. Acta Neuropathol. 2016, 131, 659–685. [CrossRef]

9. Liu, Y.; Duan, Y.; He, Y.; Yu, C.; Wang, J.; Huang, J.; Ye, J.; Butzkueven, H.; Li, K.; Shu, N. A tract-based diffusion study of cerebral
white matter in neuromyelitis optica reveals widespread pathological alterations. Mult. Scler. 2012, 18, 1013. [CrossRef]

http://doi.org/10.1016/j.trci.2019.02.001
http://www.ncbi.nlm.nih.gov/pubmed/31011621
http://doi.org/10.1111/ejn.15379
http://www.ncbi.nlm.nih.gov/pubmed/34233379
http://doi.org/10.1186/s12916-021-01962-1
http://doi.org/10.1016/j.neulet.2018.12.007
http://doi.org/10.1042/CS20170146
http://www.ncbi.nlm.nih.gov/pubmed/28487471
http://doi.org/10.1016/j.clineuro.2010.09.007
http://doi.org/10.1093/gerona/glab247
http://doi.org/10.1007/s00401-016-1571-z
http://doi.org/10.1177/1352458511431731


Brain Sci. 2022, 12, 482 13 of 14

10. Wardlaw, J.M.; Hernandez, M.C.V.; Muñoz-Maniega, S. What are white matter hyperintensities made of? relevance to vascular
cognitive impairment. J. Am. Heart Assoc. 2015, 4, 001140. [CrossRef]

11. Alexander, A.L.; Hurley, S.A.; Samsonov, A.A.; Adluru, N.; Hosseinbor, A.P.; Mossahebi, P.; Tromp, D.P.M.; Zakszewski, E.; Field,
A.S. Characterization of cerebral white matter properties using quantitative magnetic resonance imaging stains. Brain Connect.
2011, 1, 423–446. [CrossRef] [PubMed]

12. Park, H.J.; Friston, K. Structural and functional brain networks: From connections to cognition. Science 2013, 342, 579. [CrossRef]
[PubMed]

13. Dhamala, E.; Jamison, K.W.; Jaywant, A.; Dennis, S.; Kuceyeski, A. Distinct functional and structural connections predict
crystallised and fluid cognition in healthy adults. Hum. Brain Mapp. 2021, 42, 3102–3118. [CrossRef]

14. Chen, H.F.; Huang, L.L.; Li, H.Y.; Qian, Y.; Yang, D.; Qing, Z.; Luo, C.M.; Li, M.C.; Zhang, B.; Xu, Y. Microstructural disruption
of the right inferior fronto-occipital and inferior longitudinal fasciculus contributes to WMH-related cognitive impairment.
CNS Neurosci. Ther. 2020, 26, 576–588. [CrossRef] [PubMed]

15. Zhong, G.; Lou, M. Multimodal imaging findings in normal-appearing white matter of leucoaraiosis: A review. Stroke Vasc.
Neurol. 2016, 1, 59–63. [CrossRef]

16. Tomimoto, H. White matter integrity and cognitive dysfunction: Radiological and neuropsychological correlations. Geriatr.
Gerontol. Int. 2015, 15, 3–9. [CrossRef]

17. Petersen, M.; Frey, B.M.; Mayer, C.; Kühn, S.; Gallinat, J.; Hanning, U.; Fiehler, J.; Borof, K.; Jagodzinski, A.; Gerloff, C.; et al.
Fixel based analysis of white matter alterations in early stage cerebral small vessel disease. Sci. Rep. 2022, 12, 1581. [CrossRef]
[PubMed]

18. Xiong, Y.; Tian, T.; Fan, Y.; Yang, S.; Xiong, X.; Zhang, Q.; Zhu, W. Diffusion tensor imaging reveals altered topological efficiency
of structural networks in type-2 diabetes patients with and without mild cognitive impairment. J. Magn. Reson. Imaging 2022, 55,
917–927. [CrossRef]

19. Smith, S.M.; Jenkinson, M.; Johansen-Berg, H.; Rueckert, D.; Nichols, T.E.; Mackay, C.E.; Watkins, K.E.; Ciccarelli, O.; Cader,
M.Z.; Matthews, P.M.; et al. Tract-based spatial statistics: Voxelwise analysis of multi-subject diffusion data. Neuroimage 2006, 31,
1487–1505. [CrossRef]

20. Wardlaw, J.M.; Smith, E.E.; Biessels, G.J.; Cordonnier, C.; Fazekas, F.; Frayne, R.; Lindley, R.I.; O’Brien, J.T.; Barkhof, F.;
Benavente, O.R.; et al. Neuroimaging standards for research into small vessel disease and its contribution to ageing and neurode-
generation. Lancet Neurol. 2013, 12, 822–838. [CrossRef]

21. Magierska, J.; Magierski, R.; Fendler, W.; Kloszewska, I.; Sobow, T.M. Clinical application of the polish adaptation of the montreal
cognitive assessment (moca) test in screening for cognitive impairment. Neurol. Neurochir Pol. 2012, 46, 130–139. [CrossRef]
[PubMed]

22. Nasreddine, Z.S.; Phillips, N.A.; Bédirian, V.; Charbonneau, S.; Whitehead, V.; Collin, I.; Cummings, J.L.; Chertkow, H. The
montreal cognitive assessment, moca: A brief screening tool for mild cognitive impairment. J. Am. Geriatr. Soc. 2005, 53, 695–699.
[CrossRef] [PubMed]

23. Morris, J.C. The clinical dementia rating (cdr): Current version and scoring rules. Neurology 1993, 43, 2412–2414. [CrossRef]
[PubMed]

24. Cui, Z.; Zhong, S.; Xu, P.; Yong, H.; Gong, G. PANDA: A pipeline toolbox for analyzing brain diffusion images. Front. Hum.
Neurosci. 2013, 7, 42. [CrossRef]

25. Peng, D. Geriatric neurology group, chinese society of geriatrics; clinical practice guideline for cognitive impairment of cerebral
small vessel disease writing group. clinical practice guideline for cognitive impairment of cerebral small vessel disease. Aging Med.
2019, 2, 64–73. [CrossRef] [PubMed]

26. Otsuka, Y.; Yamauchi, H.; Sawamoto, N.; Iseki, K.; Tomimoto, H.; Fukuyama, H. Diffuse tract damage in the hemispheric deep
white matter may correlate with global cognitive impairment and callosal atrophy in patients with extensive leukoaraiosis.
AJNR Am. J. Neuroradiol. 2012, 33, 726. [CrossRef]

27. Lu, T.; Wang, Z.; Cui, Y.; Zhou, J.; Wang, Y.; Ju, S. Disrupted structural brain connectome is related to cognitive impairment in
patients with ischemic leukoaraiosis. Front. Hum. Neurosci. 2021, 15, 654750. [CrossRef]

28. Chen, H.J.; Gao, Y.Q.; Che, C.H.; Lin, H.; Ruan, X.-L. Diffusion tensor imaging with tract-based spatial statistics reveals white
matter abnormalities in patients with vascular cognitive impairment. Front. Neuroanat. 2018, 12, 53. [CrossRef]

29. Benson, G.; Hildebrandt, A.; Lange, C.; Schwarz, C.; Köbe, T.; Sommer, W.; Flöel, A.; Wirth, M. Functional connectivity in cognitive
control networks mitigates the impact of white matter lesions in the elderly. Alzheimer’s Res. Ther. 2018, 10, 109. [CrossRef]

30. Li, L.; Coles, C.D.; Lynch, M.E.; Hu, X. Voxelwise and skeleton-based region of interest analysis of fetal alcohol syndrome and
fetal alcohol spectrum disorders in young adults. Hum. Brain Mapp. 2009, 47, S47. [CrossRef]

31. Klarborg, B.; Skak Madsen, K.; Vestergaard, M.; Skimminge, A.; Jernigan, T.L.; Baaré, W.F. Sustained attention is associated with
right superior longitudinal fasciculus and superior parietal white matter microstructure in children. Hum. Brain. Mapp. 2013, 34,
3216–3232. [CrossRef] [PubMed]

32. Wu, Y.; Sun, D.; Yong, W.; Wang, Y. Subcomponents and connectivity of the inferior fronto-occipital fasciculus revealed by
diffusion spectrum imaging fiber tracking. Front. Neuroanat. 2016, 10, 88. [CrossRef] [PubMed]

33. Vergani, F.; Ghimire, P.; Rajashekhar, D.; Dell’acqua, F.; Lavrador, J.P. Superior longitudinal fasciculus (SLF) I and II: An anatomical
and functional review. J. Neurosurg. Sci. 2021, 65, 560–565. [CrossRef] [PubMed]

http://doi.org/10.1161/JAHA.114.001140
http://doi.org/10.1089/brain.2011.0071
http://www.ncbi.nlm.nih.gov/pubmed/22432902
http://doi.org/10.1126/science.1238411
http://www.ncbi.nlm.nih.gov/pubmed/24179229
http://doi.org/10.1002/hbm.25420
http://doi.org/10.1111/cns.13283
http://www.ncbi.nlm.nih.gov/pubmed/31901155
http://doi.org/10.1136/svn-2016-000021
http://doi.org/10.1111/ggi.12661
http://doi.org/10.1038/s41598-022-05665-2
http://www.ncbi.nlm.nih.gov/pubmed/35091684
http://doi.org/10.1002/jmri.27884
http://doi.org/10.1016/j.neuroimage.2006.02.024
http://doi.org/10.1016/S1474-4422(13)70124-8
http://doi.org/10.5114/ninp.2012.28255
http://www.ncbi.nlm.nih.gov/pubmed/22581594
http://doi.org/10.1111/j.1532-5415.2005.53221.x
http://www.ncbi.nlm.nih.gov/pubmed/15817019
http://doi.org/10.1212/WNL.43.11.2412-a
http://www.ncbi.nlm.nih.gov/pubmed/8232972
http://doi.org/10.3389/fnhum.2013.00042
http://doi.org/10.1002/agm2.12073
http://www.ncbi.nlm.nih.gov/pubmed/31942514
http://doi.org/10.3174/ajnr.A2853
http://doi.org/10.3389/fnhum.2021.654750
http://doi.org/10.3389/fnana.2018.00053
http://doi.org/10.1186/s13195-018-0434-3
http://doi.org/10.1002/hbm.20747
http://doi.org/10.1002/hbm.22139
http://www.ncbi.nlm.nih.gov/pubmed/22806938
http://doi.org/10.3389/fnana.2016.00088
http://www.ncbi.nlm.nih.gov/pubmed/27721745
http://doi.org/10.23736/S0390-5616.21.05327-3
http://www.ncbi.nlm.nih.gov/pubmed/33940781


Brain Sci. 2022, 12, 482 14 of 14

34. Tu, M.C.; Lo, C.P.; Huang, C.F.; Hsu, Y.H.; Huang, W.H.; Deng, J.F.; Lee, Y.C. Effectiveness of diffusion tensor imaging in
differentiating early-stage subcortical ischemic vascular disease, Alzheimer’s disease and normal ageing. PLoS ONE 2017, 12,
e0175143. [CrossRef]

35. Wang, Z.; Bai, L.; Liu, Q.; Wang, S.; Sun, C.; Zhang, M.; Zhang, Y. Corpus callosum integrity loss predicts cognitive impairment in
Leukoaraiosis. Ann. Clin. Transl. Neurol. 2020, 7, 2409–2420. [CrossRef]

36. Crockett, R.A.; Hsu, C.L.; Dao, E.; Tam, R.; Alkeridy, W.; Eng, J.J.; Handy, T.C.; Liu-Ambrose, T. Mind the Gaps: Functional
networks disrupted by white matter hyperintensities are associated with greater falls risk. Neurobiol. Aging 2022, 109, 166–175.
[CrossRef]

37. Tuladhar, A.M.; van Norden, A.G.; de Laat, K.F.; Zwiers, M.P.; van Dijk, E.J.; Norris, D.G.; de Leeuw, F.E. White matter integrity in
small vessel disease is related to cognition. Neuroimage Clin. 2015, 7, 518–524. [CrossRef]

38. Zhang, C.E.; Wong, S.M.; Uiterwijk, R.; Staals, J.; Backes, W.H.; Hoff, E.I.; Schreuder, T.; Jeukens, C.R.; Jansen, J.F.; van
Oostenbrugge, R.J. Intravoxel incoherent motion imaging in small vessel disease: Microstructural integrity and microvascular
perfusion related to cognition. Stroke 2017, 48, 658–663. [CrossRef]

39. Tuladhar, A.M.; van Dijk, E.; Zwiers, M.P.; van Norden, A.G.; de Laat, K.F.; Shumskaya, E.; Norris, D.G.; de Leeuw, F.E. Structural
network connectivity and cognition in cerebral small vessel disease. Hum. Brain Mapp. 2016, 37, 300–310. [CrossRef]

http://doi.org/10.1371/journal.pone.0175143
http://doi.org/10.1002/acn3.51231
http://doi.org/10.1016/j.neurobiolaging.2021.09.023
http://doi.org/10.1016/j.nicl.2015.02.003
http://doi.org/10.1161/STROKEAHA.116.015084
http://doi.org/10.1002/hbm.23032

	Introduction 
	Materials and Methods 
	Ethical Approval 
	Participants 
	Clinical Data Collection 
	Cognitive Measures 
	Image Acquisition 
	DTI Data Pre-Processing 
	TBSS Analysis 
	Statistical Analyses 
	TBSS Voxel-Wise Statistical Analyses 
	ROI-Wise Statistical Analysis 

	Results 
	Participant Characteristics 
	TBSS Analysis of DTI Data 
	ROI Analyses 
	Correlation Analysis Results between the DTI Index in ROI and MoCA 

	Discussion 
	Conclusions 
	References

